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Abstract Urban air quality information is especially important for controlling air pollution and protecting public
health. According to whether the sensor position changes, urban air quality sensing methods can be divided into two
methods : static perception methods and dynamic perception methods. The data acquisition of the static sensing method is
based on air quality monitoring stations, satellite remote sensing and fixed position sensors. Then, the static sensing
method is further divided into low-cost static sensing method and high-cost static sensing method. The dynamic sensing
method can be divided into participatory method and non-participating method according to whether the participant is
the perceptual center. With the development of sensing technology and computing ability, the fusion of multi-source hete-
rogeneous urban data,such as meteorological data and traffic data,can further improve the accuracy of perception. This
paper firstly summarized current air quality sensing methods, then classified the sensing framework and data processing
methods of various methods,and finally discussed the problems and challenges.
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