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Self-adapting Regular Constraint Algorithm in Super-resolution of Single-frame Images
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Abstract As a typical undetermined problem,super-resolution of single-frame images needs to be constrained by regu-
lar terms in the process of optimization,so as to improve the stability of super-resolution reconstruction. As a regular
term commonly used in super-resolution,smoothness regularities may lead to the loss of high frequency information in
images,cause the blurring of marginal areas in images,and affect the visual effects of reconstructed images. Based on
Markov random field(MRF) . this paper built the model of local image.characterized the correlation between the pixels
in the local image block and realized self-adapting regular constraint in the process of super-resolution,which can effec-

tively avoid the blurring effect in the marginal areas and other positions in the images,and improve the performance of

the image reconstruction.
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