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Abstract To solve the problem that the reconstructed images obtained by SPIHT algorithm will lose texture details
this paper proposed an image compression algorithm combining Canny edge detection and SPTHT. First,Canny edge de-
tection is performed for the image,the extracted edge map,and edge recomposition is obtained; Secondly, SPIHT algo-
rithm is used to encode the image,the encoded code stream is enconded and decoded by using Huffma,and a reconstruc-
ted image is obtained after SPTHT algorithm decoding and wavelet inverse transformation. inally, the two reconstructed
images are added to recover the original image. The results show that the PSNR value and information entropy of re-

constructed images are improved at low bites per pixel, compared with SPIHT combined with Huffman encode algo-

rithm,and the information amount of reconstructed images is increased.
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