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Method of Short Text Classification Based on Frequent Item Feature Extension

JIN Yi-fan FU Ying-xun MA Li

(College of Information, North China University of Technology, Beijing 100144 ,China)
Abstract Short text has the characteristics of high feature dimension and sparse,as a result, the traditional classifica-
tion method is not effective in short text classification. To solve this problem.a short text classification method based on
frequent item feature extension called STCFIFE was proposed. First of all,frequent itemsets in the background corpus
are mined through FP-growth algorithm,and combining the contextual association feature,the extended feature weight
is calculated. Then the new features are added to the feature space of the original short text. On this basis,SVM (Sup-
port Vector Machine) classifier is trained for classification. The experimental results show that,compared with the tra-
ditional SVM algorithm and the LDA+KNN algorithm,STCFIFE can effectively alleviate problems of feature deficien-

cy and high dimensional sparsity in short text and improves F1 value by 2% ~10% ,improving the classification effect

in short text.
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