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Improved Deep Deterministic Policy Gradient Algorithm and Its Application in Control

ZHANG Hao-yu XIONG Kai

(Science and Technology on Space Intelligent Control Laboratory,Beijing Institute of Control Engineering,Beijing 100190, China)
Abstract Deep reinforcement learning often has the problem of low sampling efficiency. Priority sampling can improve
sampling efficiency to a certain extent. The prioritized experience replay was applied to the deep deterministic policy
gradient algorithm,and a small sample sorting method was proposed for the high complexity of the general prioritized
experience replay algorithm. Simulation results show that the improved deep deterministic policy gradient algorithm im-
proves the sampling efficiency and has better training effect. The algorithm is applied in the direction control of a car,

compared with traditional PID control, this algorithm can avoid the problem of manual adjustment of parameters and has

a wider application prospect.
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