468 F6AM 2 R N ] M = S Vol. 46 No. 6A
2019 4F 6 H COMPUTER SCIENCE June 2019

T PCA By AREIR A R g% 1T 5 B

E=8E kit
(MEHABAFEAFE¥IR R 6105000 (HAHEHFHMELHE  KEH 610500)7

# E I s %% (Principal Component Analysis,PCA)Z A& IE@ B R K IER T oM MM LB BE LB
H—Fr S AL TR, AMEPCAFERATARRANNBGEEHZ FEZRGEA. KR T H 8 IEMES @
R AEBGETAL B EANT ERALE, £ MATLABF 4 LB ETARIRA A%, 3358 PCA & &k = dn A&k
I PCA 5k AT TR M, SR TN E ARG AL AR EAA -, SERE R A F—
K F M

KB  PCA AL B, AR RA) B

FEZESES TP391.4 XHEARIZES A

Design and Improvement of Face Recognition System Based on PCA
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Abstract Principal Component Analysis (PCA) is a multivariate statistical analysis method which uses feature vectors
to analyze sample data and reduce the high-dimension of the feature vectors. In order to solve the problem of high image
dimension and large amount of direct calculation when PCA method is used for face recognition.a new feature value de-
composition method is adopted and the filter is used to remove the noise of the original image. The face recognition sys-
tem was built on MATLAB platform,and the common PCA method and the PCA method with filtering pretreatment

were compared and analyzed. The experiment proved that the system with filtering processing has certain advantages in

performance and certain reference value practical application.
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