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Abstract For the problem of economic growth and social stability,it is extremely important to accurately predict the
population. Therefore, this paper used the total population of Shandong Province over the years to construct a gray pre-
diction model and a radial basis network model, respectively, to simulate the total population of 20 years from 1995 to
2014. And for the limitation of the single model, this paper also used the standard deviation method to redistribute the
weights of its forecast results,and built a combination model on the basis of it. The results show that the accuracy of the

combined forecasting model is higher than that of the grey model and the radial basis network model,and a short-term

forecast of the total population between 2015 and 2025 is made by using the combined forecasting model.
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