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Abstract Event coreference resolution is a challenging NLP task. It plays an import role in event extraction, QA system
and reading comprehension. This paper introduced a decomposable attention neural network model DANGL with global
inference mechanism based on remote and local information to document-level event coreference resolution. The neural
network model DANGL is quite different from most traditional methods based on probabilistic models and graph models
in the past. DANGL first uses Bi-LSTM and CNN to capture both the remote information and the local information of
each event mention. Then.it applies the decomposable attention network to capture relatively important information in
event mention. Finally, it employs a document-level global inference mechanism to further optimize the coreference

chains. Experimental results on TAC-KBP show that DANGL uses a few features and outperforms the state-of-the-art

baseline.
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Table 1 Statistics of TAC-KBP 2015 corpus

Corpus #Docs #Sens # Mentions # Chains
TAC-KBP 2015 360 15284 12976 7415

AR TAC-KBP 3 44 BT 55 B W42 416 (9 I 245 48
8 UE A 03 4R R 40 B oA O EL SRS P9 R R . R B
AR PERE RS 5 3Cak (16 ] — R T 4 AR A 37 00 J7
% MUCHY, B BLANCH Fil CEAFE s 3 Bl (i ] b
4 BP0 B SR IT A A

FE S HU Ve B Dy 18, 3 ) & 4R A T glove™ ! T

Sy 1), ) 1) A R 4E B BN 500 B I 4ERE BN 100, A
T B 1k B4 4% Dropout M{E N 0.2, 7E 4 15)2 A& 30K
CNN % BUZ B0 300 48 B BUEE DA K/NEh 2.0
Bi-LSTM #1470 1Y 4 i 1% & O 150, % B8 i Il 4 4 45k
25, LRI UEFE T val_loss Fe IR A5 X X 48 1 A7 0
4,2 ELWHER

97 Bk DANGL BB 7E 30 5] 55 0 ¢ B rEae . o &
53 A RFE M LK Krause BY & 4t . KBP 3 1 14 fE & 1
# 4 KBP-TOP R4, HATPERE AP R A Liu, R 2 XL T
X 4 ARG TAC-KBP Bk LY 3044 7] 4 75 fi i PR RE
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Table 2 Comparison of model performance

System MUC B3 BLANC CEAF, AVG
Krause 60. 84 84.16 75.07 76.56 74.16
KBP-TOP 68.08 82.29 76.91 74.12 75.35
Liu 67. 81 85.59 77.37 79.65 77.61
DANGL 70.23 85.22 78.81 78.57 78.21

M2 PR R LLE Y . DA A DANGL 5 Krause
A7 4 A PEREE bR A8 30 T B W R T U H R MUC 48
br EERETFT 9.39% ., XJEH A Krause RiEfT T L
PE AR T HAATREER. XU T2REBWN
EE, 2)5 KBP-TOP R4 Mt , DANGL #£ 4 A PFAhibr
EAMERAT 2.15%.2.93%.1. 9% Fil 2. 86 %, FI#T+ T
2.86% . KBP-TOP R4 5| A T VF L FRAF, 1M 4% 3C 1 DANGL
HEIH T SRR, 0 B IE R A SN 5 IRk T 2 AR IR S
BLEUD T AN IR T . T L, DANGL 5 5 f ] T
A RFIE IR T SEAF B EROR . DAL T Liv A AT
A A6 58 D5 5 AR SO LA MUC B0 98 A5 B 42 T+ 7% i
3%, 7E B ,BLANC Ml CEAF. ¥l $8 A5 L 09 {8 th &R 322 3400, 78
EIME e Lin 5 T 0.6% ., Liv BB A & T fff | KBP
ERL R B AL A RRAE AN L 3R 6 F T 2 8 AN 2 I R W RRAE S
B M SCH DANGL #2782l T 38 ) 22 b 32 4t 19 4 1 4
1E , Fb Liu B&AL .

4.3 ELWERNN

BT 4Bt DANGL B 46 A B /8 T, A48 SCORE 5 Fib
b 5 DANGL #E4T T % b, XF b 45 5 an & 3 s,
1) NoCNN:DANGL # 8 & fff il CNN; 2) NoBiL: DANGL ##
IR B Bi-LSTM; 3) NoAtt: DANGL #5 % o fff Bl % 2 1 bl
il ;4)NoP+ L. DANGL 5 % £ 5| A i8] ¥ {5 & 45 fF A 47 B
512 55) NoGI: DANGL %8 % A 1 ] 4 Ry #E S

# 3 AL

Table 3 Comparative tests

System MUC B BLANC CEAF, AVG
DANGL 70.23 85.22 78. 81 78.57 78.21
NoCNN —2.22 —0.66 —1.13 —1.01 —1.26
NoBiL. —2.98 —0.21 —1.80 —0.20 —1.29
NoAtt —1.98 —1.22 —1.14 —2.4 —1.69
NoP+L  —2.22 —0.89 —1.07 —1.44 —1.41
NoGI —0.59 —0.48 —0.97 —0.78 —0.71

NoCNN iy T MR 1T CNN, R M\ 5 4 A1 4 S ) 42
B B4R B, 4 FhAT I M AE XA T B, NoBil M ER T Bi-
LSTM, #A #0042 Jmi 5 B, X AR S BT ERe T R, L
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S; : President Bush will leave France today.

S; : Mr. Bush will travel next to Egypt today.

NoP+ L #ij A B I R 78 2 4 47) LIS -2 38) () 17 1% 8 #0
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AR AL B AF B - R 98 1 AR AL 55 2 T e SRR A
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