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Abstract Point-of-interest (POID) recommendation is a task to recommend geographical locations that users may be in-
terested in. It is an important researches in location-based social networks (LBSN) services. For the existing problems
that POI recommendation currently has lower recommendation precision,lacks of personalization in recommendation re-
sults,and has poor integration of sentimental orientation factors, etc. , this paper proposed a POI collaborative recom-
mendation model(GCSR) fusing multi-factors based on the comprehensive analysis of POI related influencing factors,
such as geographical location, category preference, popularity, social and sentimental orientation and so on. Firstly. the
geographical relevance score is calculated based on POI geographical location data. Secondly,category preference score is
defined according to users’ category preference and POI popularity. Then, the strength of the social relationships be-
tween users is calculated based on the social relationships, the sentimental orientation score of users is calculated by
mining the comment text,and the two are effectively combined with the collaborative filtering recommendation technolo-
gy to obtain the social sentiment score. Finally, geographical relevance score.category preference score and social senti-
ment score are effectively integrated to recommend Top-N POI. Multiple comparative experiments conducted on Four-
square’s real check-in datasets demonstrate that the GCSR model achieves better recommendation effect, with an ave-
rage improvement of 1. 7% and 0. 6% in precision and recall, compared with the best effective JRA in the baseline models.
Keywords Location-based social networks,Point-of-interest recommendation, Sentimental orientation, Geographical lo-

cation, Social relationships
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Fig. 2 Precision comparison of similar recommendation models
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