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Abstract

Information diffusion and propagation play an important role in viral marketing and virus diffusion. How-

ever,in many occasions only the connected data of users in the network can be obtained,which makes it difficult to ob-

tain the content of communication between users. To deal with such challenges, this paper proposed an information dif-

fusion model based on probability in order to predict the relativity of communications between users,and then infer the

diffusion path of information in the network. In addition.this paper proved that the complexity of solving the model is

NP-hard,and proposed PathMine algorithm to get a near optimal solution. Experiment results show that the proposed

PathMine algorithm outperforms other state-of-art algorithms.
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Fig. 2 Illustration of nodes action records and time slices
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