%46 8 12 W D2 M- N 1 M = A < Vol. 46 No. 12
2019 4F 12 H COMPUTER SCIENCE Dec. 2019

—fEF Q-sample I FERHINEZEFITE X

EBEE AE
(HEXFEERFERAER L7 HM 121013
W OE BAFMMEEAE R HIEE WS ANGEE AR A7 B 5 AR fe S R AR AR R
R ARBAE, L P EEMRTA T MapReduce IER W FATMAMEBER K, IE T —F LT Qsample 89 B34 ME 2 H
ELBET AIMMEEG AR, ZEFRATEERIEDEEX AT ENE TR L EEA Qsample 5 F
FEWHFHREE AREREMERAGEABEERTHRZNTE NFTREORXFAHE 2T ABEN B, HTIR
AT LS Join kM Rad RBiEh ik, Bd 2R TARiR AFEG iAot EE S ERFRARSTH
FHBRIERE, BEERNRT RAXBEFHEE AR TAEOREEAIN. SR EFHR AL EFEAKBEELY
By R AR E ik E B T Y AT A Ak LSJoin, koM A FRERIEN R ELOMIERES T A4
HE B,
XER A& B, Q-sample, MapReduce, 3% iF 26, K # 3%
FEESES TP391 XHEAARIZES A DOI 10. 11896/jsjkx. 190100240

Q-sample-based Local Similarity Join Parallel Algorithm
WANG Xiao-xia SUN De-cai
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Abstract Local similarity join can finds all local similar pairs from sets quickly, which is a basic operation in many areas,
such as gene sequence alignment,near duplicate detection,data cleaning and so on. This paper focused on designing simi-
larity join parallel algorithm with MapReduce,and proposed a Q-sample-based algorithm to solve the locating problem
of local similarity join. The proposed algorithm employs a filter-verify based framework. In filter stage,a Q-sample par-
tition scheme is adopted to generate high-quality signatures without losing any true pairs, and then more dissimilar
string pairs are discarded. In verify stage, the LS-Join’ s backward-forward verification method is improved with the
technique of removing redundant match,combining consecutive match and combining non-consecutive match. In the ex-
periments, the performances of the proposed algorithm with different size of datasets or different value of edit distances
are scaled. Experimental results show that the proposed algorithm outperforms the current excellent algorithm L.S-Join
on big dataset. Theoretical analysis and experimental result demonstrate that the performance of local similarity join is

improved by using the techniques of the proposed algorithm.
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Fig. 4 Relationship of join time and size of different data sets
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Relationship of join time and edit distance of different datasets
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