0 Vf :ﬁ- *fh 1‘*‘ ? http: /www. jsjkx. com

COMPUTER SCIENCE DOI. 10. 11896/jsjkx. 190500174

ETHREHMBARAESESEE

B E EBERA OZ=

1l ERMEAFIHHERERTERALRE  EIK 400065
2HEXMEFENESEFAEFR  FM # X 563002
(530966074@qq. com)

i E HREREORAHIREZTELPERTHEAEFTEILZNAL, EABRMRERZL T S AHEREET T EHHR
INEIBERTFETEN R TR G R B R AT T A R, A BT e b D AR LR 2 R 2R A
TARE T B TEFBEANAET R RE T BAFMAN TR, S0 7 kKA BB A R BA AR RAZ 88 091X F 36 5 2) R Ak Ak
AR R ER A FRBANBRANEFED I TFTEN G RESCSTEEYNIWEL. CAT RE— XL ABHAT RS
;ﬁlfa,fﬂﬁu/p%‘rié!]m?é’wmxgﬁi’\ﬁ%&ﬁh AFE, b, X P A RME T — A e AL AE A 4G AR R AL 4R 69 R AR R B
b i JE oG AL LA SR M A T R BR R B ARRAT Bk xT B OARME & A @ Ak ) 89 £ F
ML T — A AR R AR S A ARIRAEIE B AR A M ARBEIE R AR T AR A o BN S EE IR TR
‘Tf’ﬁ’v*ifSiL%Ll'ﬂ;‘@,iiiT%fﬂﬂ&%%ﬁ%ﬂiﬂﬁér’%}iﬁﬁﬂ,ii%uiﬂﬁé%ﬁfvl)iﬂkﬁ"\F]éﬁi&%uiﬂilﬂﬁEJ#T?F PR ER=R
N EFHE,

KR R A L AR SRS SR 5 AR X AR SRR BB B S R BE B 5 ARBUE

FEESES TP311

Neighborhood Knowledge Distance Measure Model Based on Boundary Regions
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Abstract Uncertainty measure of rough sets plays an important role in knowledge acquisition. In neighborhood rough sets, the
current researches on uncertainty measure mainly focus on measuring the uncertainty of a single knowledge space and its monoto-
nicity with the changing granularities. However.there are still some shortcomings. Firstly.the uncertainty of neighborhood rough
set comes from elements belonging to target concept and elements not belonging to target concept in neighborhood granules, but
current researches do not consider the two parts of each neighborhood information granule at the same time. Secondly, the differ-
ence between different knowledge spaces for describing the target concept is hard to reflect. Thirdly,the current knowledge dis-
tance measures are too fine,which contains granularity information and is inaccurate in some applications,i. e. heuristic search in
attribute reduction. Therefore,based on the granularity measure of neighborhood information granules, this paper constructed the
neighborhood entropy which is monotonic with the granularity being finer. In order to reflect the difference between different
neighborhood information granule for describing the target concepts this paper proposed a neighborhood granule distance with ap-
proximate description ability, which is called relative neighborhood granule distance (RNGD). Then.several important properties
were presented. The neighborhood knowledge distance based on boundary regions was established based on the RNGD, which can
reflect the difference between different neighborhood knowledge spaces for describing the target concept. Finally, the validity of
neighborhood knowledge distance based on decision regions was verified by experiments.
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