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Abstract The rapid development of the Internet has prompted the generation of massive amounts of network text,which poses
new performance challenges for traditional serial text proofreading algorithms. Although the text automatic proofreading task has
received more and more attention in recent years, the related research work mostly focuses on serial algorithms, and rarely in-
volves the parallelization of proofreading. Firstly, the serial proofreading algorithm is generalized.and a general framework of serial
proofreading is given. Then,in view of the shortcomings of serial proofreading for processing large-scale texts,three general text
proofreading parallelization methods are proposed:1)a parallel proofreading method based on multi-threading, which implements
simultaneous parallelism of paragraph and proofreading functions based on the thread pool;2)a batch processing parallel proof-
reading method based on Spark MapReduce, which implements paragraph parallel proofreading by means of RDD parallel compu-
ting;3)a Spark Streaming-based parallel proofreading approach,which converts the real-time calculation of text streams into a se-
ries of small-scale time fragmentation based batch jobs, making it can effectively avoid fixed overhead and significantly reduce
proofreading delay. Because the streaming computing has the advantages of low delay and high throughput, the paper finally choo-
ses the streaming computing-based method to build the parallel proofreading system. Performance comparison experiments dem-
onstrate that thread parallelism is suitable for proofreading small-scale text,batch processing is suitable for off-line proofreading

of large-scale text,and streaming parallel proofreading effectively reduces the fixed delay of about 110 seconds. Compared with
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batch proofreading,the streaming proofreading using a real-time computing framework has achieved a great performance improve-

ment.
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Table 1 Hardware configuration of cluster machines
&S HEREE
CPU # & Intel(R) Xeon(R) CPU E5506
CPU #4i 2.13GHz
CPU ¥ % 4
NERE 12GB
A RE 550GB

SCH8 BT AL B BRPE TS Bk 2 B gl
2 EREE B

Table 2 Software configuration of cluster machines

B4 B A
B R RK CentOS 6. 4
Java LA JDK 1.8.0_111
Scala i A& Scala-2.11. 8
Spark X A& Spark-2. 1.0
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Table 3 Size of anonymous text
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Fig. 7 Time-consuming comparison experiment on batch processing

and streaming proofreading
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