http: /www. jsjkx. com

DOI. 10. 11896/jsjkx. 190700175

St A 2
COMPUTER SCIENCE

ETHRPREFHELZENNMELEERE

XE® Kk £ ORER X £
AMAKFWHHENBFEERAFEK TH # M 215006
(LXF_liuxf@163. com)

B ATRAAIAMEARARFRD AR PATAH ST AT DR FE R, L PR BE TR P AT A B A0 A
WAEF LR AT NLG A FITHZEFIEIZBAER R B F B 50 7 kb4 X W& A P AR 4T 4 15 8 3 4T 8k
SR VRBRARAPRIFHELREFEET., AEA R AREMNE T BARER FAT AN, Z5BEME LR ST kit
ATARMEARAREEFLIREFHRLROLE , EXKAMN YRR T MEALRER P RIFHIEGRESEFLER, AR
FARSFARIEA I ARV BN A A P AT ARITFERAAEINBOAARNZERE, TAZREAN , RAMRFT FZHTHAIR
LA EGHIESHRRNBGF SR PIT AR EAEFRRANRIRRB. RS TARMAEFH B G ERHML,

KEER N P ARIF AR AT AT NE

FEESES TP391

Personalized Recommendation Algorithm Based on User Preference Feature Mining
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Abstract For the purpose of personalized recommendation ability of social network, this paper proposed a personalized recom-
mendation algorithm based on user behavior feature mining according to the distribution of user behavior. The user behavior in-
formation feature mining model of social network is constructed, the big data fusion scheduling method is used to fuse the behav-
ior information of social network user characteristics, and the semantic information features that reflect the user preference are
extracted. According to the user’s behavior feature groups from the aspects of emotion, keywords and structure, combined with
the fuzzy information perception method,the information scheduling in the process of personalized recommendation of social net-
work is carried out. Under the control of association rules constraints,a hybrid recommendation model of user preference features
is constructed to realize user preference feature mining,and personalized information recommendation of social networks is real-
ized according to semantic distribution and user behavior preference. The simulation results show that the poposed method has
good feature resolution ability and accurate recognition ability to user behavior features, which improves the confidence level of
social network recommendation output.
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Table 1 Distribution of user behavior preference characteristic data
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Fig. 1 Sampling of raw data recommended by personalization of

social networks
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