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Abstract Regression testing is the most frequently used and expensive testing method in software testing. Test case prioritization
is an effective way to reduce the cost of regression testing. Its purpose is to improve the ability of software fault detection by prio-
ritizing the execution of high-level test cases. In this paper.a method of test case prioritization based on multi-objective optimiza-
tion is proposed. The method integrates choice function into individual evaluation mechanisms of genetic algorithm. By designing a
reasonable coding method and appropriate selection, crossover and mutation strategies, taking fault detection rate, sentence covera-
ge rate and effective execution time as optimization objectives, non-dominated sorting genetic algorithm is used to optimize test
case sort. The experimental results based on four benchmark programs and four industrial programs show that the proposed

method can improve the effectiveness of software testing compared with other methods.
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Table 1 Basic information of experimental procedure
Name Description LOC # Test % Fault
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