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Abstract Introduction to Data Science is an intrinsic course for not only the development of emerging majors (Data Science and
Big Data Technology.Big Data Management and Application,and so on) ,but also only the innovation of traditional ones (Compu-
ter Science and Technology, Statistics, and Information Resource Management, and so on). Course design issues for this novel
course,including its objectives, contents, experiments, assessment methods, reference books, personalized design are discussed
based upon conducting an in-depth for typical courses offered by Columbia University, New York University, Harvard University
and Renmin University of China as well as the author’s teaching experience. The redesign of exiting courses on introduction to
Data Science should focus on improving the abilities of target students on full-stack data science,data product development,co-
ding for Data Science,and communicating with non-professional users,as well as leveraging alternative course construction mo-
dels, reflecting social needs,highlighting its roadmap roles for the curriculums.
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Table 1 Comparison of typical courses for Introduction to Data Science
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