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Task Recommendation Model Based on Crowd Worker’s Movement Trajectory

HU Ying,. WANG Ying-jie and TONG Xiang-rong

School of Computer and Control Engineering, Yantai University, Yantai, Shandong 264005, China
Abstract With the development of mobile crowdsourcing, more and more tasks are published on crowdsourcing platforms. How-
ever,crowd workers choose tasks suitable for them will take a lot of time according to their interests, because there are a large
number of tasks in the mobile crowdsourcing system. In addition.it is difficult for them to select the tasks that are most suitable
for their own execution, because the crowd workers have no knowledge of the information of all tasks existing in the crowdsour-
cing system. The tasks in the mobile crowdsourcing system have the spatio-temporal characteristic, which requires crowd workers
to move to the specified region to complete the task within the specified time interval. However, crowd workers have their own
works and life,in order to adapt to their daily movement,a mobile prediction model is proposed to predict the movement behavior
of them. Based on the prediction results and the needs of crowd workers,a task recommendation model based on the movement
trajectory of crowd workers is proposed to recommend tasks for crowd workers. Finally,a lot of simulations are carried out on
two real data sets. The results prove that the proposed model has high accuracy and good adaptability.
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Fig. 2 Experimental results on daily prediction accuracy
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