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Abstract RNA-Seq technology has become an important method of transcriptome analysis because of its advantages of low cost,
high precision and wide coverage. It provides new +means for the study of gene expression patterns,disease biomarker detection,
crop stress resistance research and molecular breeding. However, the massive data generated by RNA-Seq also brings challenges
to data analysis. How to effectively process and analyze RNA-Seq data has become a hot topic in bioinformatics research. The pa-
per introduces the transcriptome analysis process based on RNA-Seq technology,including RNA-Seq data preprocessing,differen-
tial expression analysis and high-level analysis. RNA-Seq data preprocessing is to perform quality control and quantitative calcula-
tions on the original sequencing data,and differential expression analysis is to screen genes,usually based on statistics or machine
learning. High-level analysis is to further process the differential genes and determine gene function and regulatory network
through enrichment analysis and other means. Finally, the development prospects of RNA-Seq-based transcriptome analysis me-
thods are discussed.
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Fig. 1 RNA-Seq data preprocessing and analysis process
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