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Abstract The emergency pre-plans are saved by the power grid dispatching department. The power grid dispatching department
has formulated it based on the power grid operation and maintenance experiences,which can assist dispatchers to deal with the
emergency fault. When an emergency fault occurs in the power grid,in order to effectively deal with the emergency pre-plans,so
that dispatchers can learn from previous experience to handle emergencies,it’s necessary to extract the key information of the
pre-plan. So in this way they can quickly retrieve and match similar accidents in the per-plans. However, there are many problems
of the traditional power grid fault emergency pre-plans processing method. The traditional processing method is not versatile and
scalable,and it is unable to effectively digitize the power grid fault emergency pre-plans. This leads to a limited scope of applica-
tion of the traditional method. In this paper,the deep learning method is used to make up for the shortcomings of traditional pro-
cessing methods. It is used to analyze the syntax of the sentences for the dispatch emergency pre-plans. Then it will generate a
syntactic parser and the parser will give the syntactic parse tree of the sentences. After that,the system state information and dis-
posal points for the emergency pre-plans are extracted,and then the unstructured text information of the emergency pre-plans is
transformed into the structured data. Using the deep learning method,the power grid emergency pre-plans can be effectively ma-
naged,and the dispatcher can determine the fault type and carry out the operation quickly. This paper also carries out experimen-
tal verification for the method. It can be concluded that the method can improve the efficiency of fault processing, while it also has
the advantages of good versatility and strong expansibility,and can achieve continuous improvement of the model.

Keywords Emergency pre-plans,Deep learning,Syntactic analysis, Syntactic parse tree,Information extraction
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Fig. 8 Syntax tree of “North China network raising voltage
level near Gaobo and Shangyuan”
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