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Cross-media Knowledge Graph Construction for Electric Power Metering Based on Semantic
Correlation

XIAO Yong,QIAN Bin and ZHOU Mi

Electric Power Research Institute, CSG,Guangzhou 510663, China
Abstract Facing the field of electric power metering, this paper proposes a cross-media knowledge graph construction method
based on semantic correlation. There is a semantic gap between the low-level features of different types of media,which is difficult
to directly associate. But different types of media describing the same entity have the same semantic tag information at the high-
level semantics. That is the so-called semantic association. Based on the characteristics of knowledge in the field of electric power
metering, this paper completes the cross-media knowledge graph through core steps such as semantic analysis and feature extrac-

tion, semantic association mining,and cross-media ontology construction. Experiment results show that the proposed method is

effective and can support cross-media retrieval applications in the field of electric power metering.
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Fig.1 Framework of cross-media knowledge graph construction

process
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Fig. 2 Process of extracting semantic metadata from cross-media data
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Fig. 3 Construction framework of cross-media ontology

knowledge base
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Fig. 5 Example of cross-media knowledge graph construction in electric power metering
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Fig. 7 Image feature extraction with SIFT algorithm
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Fig. 11 Retrieval results 1 of knowledge graph
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