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Survey on Aircraft Detection in Optical Remote Sensing Images

ZHU Wen-tao, XIE Bao-rong, WANG Yan,SHEN Ji and ZHU Hao-wen
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Abstract Aircraft detection technology in optical remote sensing images has been widely used in urban planning, aviation and
military reconnaissance. Despite a lot of research.there are still many problems to be solved. The paper review the research status
of this technology. Starting from the thoughts on remote sensing image target detection, we divide the aircraft target detection
methods into three categories and separately elaborate the concepts and research status of these three types of detection methods
and conduct comparative analysis on this basis. We focus on the research of deep learning methods in this field and discuss the is-

sues of sample and data set. Then we state the technical difficulties in aircraft target detection. Finally we consider and discuss the

object detection task of high-resolution remote sensing image,and made a prospect for the future development of the field.

Keywords

19 73 Bk A 2 18 AR A H 0 3 A S LB A g
JUA S5 K9 A SCHRAE B AT LA — 2638 8% B As 40 A0 L TRAL 3l
WE WA HEATRERR N R A EE A S Mg H
B X 2 18 SR PRR P B AL B AR R AT A L 7 25 R 43
WA A B R S U R AR ZE T U A B e, R T AT
UL 328 S ] 15 %) 45 2 %t AL 37 v 45 B TROBL A B AT AR
U0 X175 T B 0 TR 5 e ) 70 5 AT A TR T L TR B R
B T O B R L 9 B 15 0 R A A AT LR
J SR A R DR SR AT ) B9 AR S DR B X T AR B A
E-INE(EE

iR YRR I INE R 7 SR INE i PN NS o
JE L BTS2 R 45 PR 3R T4 23 %0 B b P AR A0 T 1Y 45 g 0 B
1R B 77 HE R 4 R o R PR b 9 1 A A 00 ohe B8R Bk
o AT 52 A 00 7 80 3, MR TR g 0 0 4 ) 0 R R 4R ™
¥4 VA B S T A A B R A TR M 7 AR b I Ak A S
R 4 T SR AR e ) L P 7 5 O 9 5 — R R 0k 4 Ak R e
RIS, TN B 35 W4 A8 0 0 T 30 U0 0 5 SR DR 9 0 3 ) T
HEHIL 9 Bt AR AL 1 B B P i A S B R AT
AHYERAT WS e AR e EE A A Y 1B R R TRL A e
HE AEERENE L,

AR SCHE ML IR B IR 5 L A A I B 5 OB A i L
X RGN T7 3 10 3 280 AT T R DAX B AR AT 1 48 3 07 O

EAEVEH B (337938145@qq. com)

Optical remote sensing image, Aircraft detection, Template matching, Machine learning,Deep learning

IR ARG TR IR T TRAL AR A I ) R O vk LA SRR AR A
B B ), S0 T RAL F AR AR I v A G SR B R e L B TR
BT PR R R R DAL H AR AR Y R R

1 EREG VBRGNS ERARE

B PR ML B ARSI 04 SR R ST LAY 4 A
o3« R AR IO Tk B2 Aoy 00 A5 300 4 L B AR A O 590 0 L A Bk
DR AR FR L F A G I D AR [ G 1 TR

EYEr T BHRA
e | |(GRERER)| | RREE )|
sk (ansan)| | (sns%) s
Cuegex )| |(Az#HzR%)

BT TR E bR A AE A
Fig. 1 Framework of aircraft detection
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Fig. 2 Block diagram of template matching
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Fig. 3 Block diagram of traditional machine learning methods
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