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Abstract It is well known that the impulse response of a wide band wireless channel is approximately sparse,in the sense that it
has a small number of significant components relative to the channel delay spread. In this paper,two sparse channel estimation al-
gorithms based on spare bayesian learning (SBL) method are proposed for orthogonal frequency division multiplexing (OFDM)
system, which we call SBL algorithm and J-SBL algorithm. In the case of unknown channel measurement matrix, the proposed al-
gorithms can still estimate channel taps effectively. Compared with the classical algorithms: orthogonal matching pursuing
(OMP) algorithm and variational messaging (VMP) algorithm, montecarlo simulation shows that the proposed algorithms per-

form better than classical algorithms in terms of the same mean square error and bit error rate and their SNR is improved by

3~5dB.
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