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Bipartite Network Recommendation Algorithm Based on Semantic Model

ZHOU Bo

Institute of Science and Development,Chinese Academy of Sciences, Beijing 100190, China
Abstract The current research of bipartite network recommendation algorithm does not consider the semantic relationship, so
this paper proposes an improved bipartite network recommendation algorithm. Author topic model (AT model) is used to embed
the semantic information into a two dimensions semantic space. Then the semantic similarity between the recommended objects is
calculated and integrated into the similarity calculation of bipartite network recommendation algorithm. The algorithm is verified
by the recommendation of the new energy vehicle patentee. Experimental results show that the new algorithm has higher accuracy

and recall rate than the bipartite network recommendation algorithm, the accuracy rate is increased by 2. 29% , the recall rate is

increased by 4. 15%.
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Fig. 1 Three times resource diffusion process of material

diffusion algorithm
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Fig. 3 Four times resource diffusion process of patentee
recommendation based on material diffusion algorithm
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Fig.4 Accuracy rate of combination algorithm varies with

fusion coefficient
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Fig.5 Recall rate of combination algorithm varies with fusion
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