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Abstract With the development of crowdsourcing system,researchers pay more attention to the crowdsourcing system.
Based on the task recommendation of crowdsourcing,most of research scholars convert the behavior data into rate data,
without considering the relationship between tasks or the influence caused by the change of user interest on the recom-
mendation results. Therefore. this paper proposed an improved OCCF method considering the task relevance and the
time factor to recommend task. On the one hand, this paper introduced a forgetting function when extracting the nega-
tive cases.and extracted a certain number of negative cases according to users”’ activity. On the other hand.it merged the
similarity information of tasks in the probability matrix factorization phase. The proposed method was further applied to
recommend tasks in the crowdsourcing system. This paper used the data set of Taskcn to conduct experiments. The ex-

perimental results show that the proposed method achieves better results,and effectively improves the quality of recom-

mendation compared with the mainstream methods.
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