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Anycast Routing Algorithm for Wireless Sensor Networks Based on Energy Optimization

ZHOU Wen-xiang and QIAO Xue-gong

Institute of Information and Computer, Taiyuan University of Technology, Taiyuan 030024 , China
Abstract Routing algorithm is one of the key technologies in wireless sensor networks. Anycast is one of the three major com-
munication modes of IPv6. Anycast has broad application prospects in balancing network and server load. In order to extend the
life of the network, this paper proposed a new routing algorithm based on energy optimization. Firstly, this model divides the area
where the network is located. Then,it calculates the weight of the path which from the sending nodes to the base stations. Final-
ly,the sending nodes divide and transmit data by path weight. In the weight calculation,the residual energy of the node is added
as a condition,a low energy threshold and the current network lifetime are added to prevent excessive loss of certain paths and ad-
just the proportion of the energy weight before and after the network operation. Meanwhile, it introduces gray wolf optimization
(GWO) to optimize path weight and find out the optimal weight adjustment parameters to extend the lifetime of network. The
simulation results show that GWO can f{ind better weight adjustment parameters and make lifetime extended. And compared with
the existing WSN routing algorithm, the proposed algorithm can achieve longer lifetime and node energy consumption is more uni-
form.
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Fig.1 Energy consumption model of sending and receiving data
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