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Relief Feature Selection Algorithm Based on Label Correlation

DING Si-fan, WANG Feng and WEI Wei

School of Computer and Information Technology,Shanxi University, Taiyuan 030006, China
Abstract Feature selection plays a vital role in machine learning and data mining. Relief,as an efficient filtering feature selection
algorithm,is widely used because it can process multiple types of data and has a strong tolerance for noise. However, classic Relief
algorithm provides a relatively simple evaluation to discrete features. In actual feature selection,the potential relationship between
features and class labels is not fully explored.and there is a lot of room for improvement. Aiming at the shortcomings of classic
Relief algorithm’s simple evaluation method for discrete features,a discrete feature evaluation method based on label correlation
is proposed. The algorithm fully considers the characteristics of different features and gives a distance measurement method for
mixed features. At the same time, starting from the correlation between discrete features and tags,it redefines the Relief algo-
rithm’s evaluation system for discrete features. Experimental results show that, compared with the classic Relief algorithm and
some existing feature selection algorithms for mixed data, the classification accuracy of the improved Relief algorithm has been

improved to varying degrees and has a good performance.
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