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WANG Xue-guang' , ZHANG Ai-xin’ and DOU Bing-lin®

1 Department of Information Science and Technology,East China University of Political Science and Law,Shanghai 200052, China
2 School of Cyber Science and Engineering,Shanghai Jiao Tong University, Shanghai 200240, China

Abstract The study of network formation mechanism, geometric property,evolution rules,network structure analysis, behavior
prediction and control gives rise to the discipline of complex network,and cascade failure process of complex network has always
been concerned. This paper presents a non-linear load capacity model with two variable parameters, which is more suitable for real
network, to solve the cascading failures problem of complex networks. Simulations on four different networks verify the effective-

ness of the proposed model. The results show that the model can better defend against cascading failures.and has a lower invest-

ment cost and a better performance in the case of higher robustness.
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Fig.1 Cascading failures on BA scale-free network
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Fig. 3 Cost-robustness relationship between the current model

and ML model on the BA scale-free network
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Fig. 4 Cascading failures on ER random network
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