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Research on Factors Affecting Stock Inflection Point Based on Machine Learning Algorithms
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Abstract Transaction situation in stock market can fully reflect behavior characteristics ofinvestors and affect the trend of entire
stock market. As the bottom—level transaction data of stock market,detailed data of stock transaction can comprehensively re-
{lect the situation of stock transactions and become a vital referencefor judgment of stock market trends. It can also provide regu-
lators in capital market with effective information when making decisions in the field of risk monitoring. In this paper,we propose
a method that can quickly extract the characteristics of investor transaction from detailed data of stock transaction,based on ma-
chine learning algorithms such as logistic regression.decision tree,and random forest,f{inding the main influencing factors of large
inflection points and predictingtime range over which the larger inflection point occurs. The experimental results on the stock in-
dexes of Shanghai and Shenzhen show that the proposed method can highly improve accuracy of prediction of large inflection
point instock market by appoximately 10% ,compared with a traditional model,and the accuracy rate in six-month backtesting ex-

periment maintains a level of 70% ,which demonstrates validity of the model in this paper.

Keywords Stock market, Trend judgement, Risk monitoring, Stock inflection point, Machine learning
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Fig.1 Process of experiment
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Fig. 2 Flowchart of feature engineering
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Table 1 Example of fluctuate number of traders after

standardization on trading day

x5 8 H &N R AL
Dayl Numl STD1
Day2 Num2 STD2
Day3 Num3 STD3

P Al e B0 BB BT T A Y S N B R JL S
B FE R 28 AR DU, (BT 28 A48 1t JBE I, U Ao o A1 1) 501
R4 H A AT RE SR B A B R 5 a5 . AR Bk A v AL S R
AL 8562 H 2 By 1 8 ok T0UE K 4k 19 o QB3 A I ]
¥ 2012 4E 2 2019 48 4 i AYAIE 97 32 5 W 40 B4 15 S 43 17 5
8 AP TR 300 58 B0V S LI B b AR AR B A A A o Al (B 190
JER BRI 2 T,

2 KT LI AR AL T AR

Table 2 Performance of the rule-based model
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Fig. 3 Training process of the machine learning-based model
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Fig.4 Performance of the model based on logistic regression
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Fig.5 Performance of the model based on decision tree
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Fig. 6 Performance of the model based on random forest
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Table 3 Performance of the machine learning-based models
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