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Abstract Aiming at the pricing problem of labor crowd sourcing platform in mobile Internet, this paper uses multiple linear re-
gression to fit the main influencing factors of price. Based on the idea of divide and conquer, the geographic information is divided
into five regions by using tree gain naive Bayesian network (TAN). Through clustering analysis, the scattered points are clus-
tered,and the regional member reputation calculation method is proposed,and each region is calculated separately. According to

the credibility and geographical location.the prices of different regions are derived. The solution proposed in this paper has a cer-

tain reference significance to the pricing problem,which is greatly affected by geographic information.
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Table 1 Parameter

X4 x1 x2 x3
BN 2.47679 0.27854 —19.43750
AR Z 0.80251 0.52786 72.73507

t Stat 3.08628 0.52768 —0.26723
P-value T 0.00209 0.59785 0.78935

TR 95.0% 0.90160 —0.75755 —162.20330
ER95.0% 4.05199 1.31464 123.32829
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Table 2 Regression statistical

MKk R H R 0.121825
R? 0.014 841
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Fig. 1 Regionalization
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Fig. 2 Task orientation
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Fig. 3 Relationship between credibility and membership
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Table 3 Data

% X 4 1 X 3 2 X 4 3 X ¥ 4 X 3 5

vy 68. 846 69. 739 68. 642 70.410 67.253
Uy 14 0 1 5 4
U3 0.34 0.113 0.131 0.208 0.208
vy 301.201  20.5796 15. 243 20.904 39.622
U5 574 109 142 340 619
Vg 0.327 0.076 0.168 0.0379 0.088
vy 0.590 0.4205 0.784 1 0. 259
vg 266 88 102 162 162
Vg 297.810  371.236 616.102 58.254 74.050
10 71.037 50. 829 94. 810 13.515 31.276
1 0.239 0.137 0.154 0.232 0.422
Vg 23.260 3.940 15. 888 0.512 2.746
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