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Binocular Image Segmentation Based on Graph Cuts Multi-feature Selection
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Abstract Binocular image segmentation is crucial for subsequent applications such as stereoscopic object synthesis and 3D recon-
struction. Since binocular images contain scene depth information,it is difficult to obtain ideal segmentation results by applying
monocular image segmentation methods to binocular images directly. At present,most binocular image segmentation methods use
the depth feature of the binocular image as an additional channel for the color feature. Only the color feature and the depth feature
are simply integrated,and the depth feature of the image cannot be fully utilized. Based on the multi-class Graph Cuts framework,
this paper proposes an interactive binocular image segmentation method. Combining features such as color,depth and texture into
a graph model can make full use of different feature information. At the same time,the feature space neighborhood system is in-
troduced in the Graph Cuts framework, which enhances the relationship between the pixels in the foreground and background
areas of the image.and improves the integrity of the segmentation target. Experimental results show that the proposed method
improves the accuracy of binocular image segmentation results effectively.
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Fig. 1 Two different features of the scene
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Fig. 2 Consistency test of parallax graph

Ce) 70 P 22 PRI 4G 36 245 4

3.2.3 #FAET AR AR %

B ARIR G R AE L — DR R A by 3 X3 K/
19 DX N ) 3 R R R AR AR R g B B IR R T
ZEANLE FIYOCR B T A AR R G . A8 SCHEFRE 2 [A]
3 T — AR IR G 0 A I AR R G s T SR K AN
/arﬁﬁmjﬁ%? FUZ )R 06 F A [R] — PR v 23 ) oz B A O

AR AR Bl B A5 R R A AR R 1 43 0 b5 4 AT Lk 43 %0 1 B bR

TESE R, A R AIE A5 () 48 R e 2 T, T 4R B A R A
23 [0 op R AL AR 2 A%

Wi R @(p, QIFHARR A p AL S BE T H AL
K AURRRAEAR LR ARE AT £ A5 p B RIRER AL X
EAMEER S p SRR SO SR RHIE S MBI R BB RN
— BB A AR T R R AT B AR S B T
fEZS (A 4RI RS T A X, @Cp. @) M E LIl 5),
K (16) s -

D(p.q) =exp!

—BSim,(psq)) (15



154

Computer Science TFFLHLEI  Vol. 48, No. 8, Aug. 2021

Simy (paq) =Aw (¢, s i) T Asw (g o D)+ A0 (P, 5 i)
(16)

Horbr, g, g gl 43 3 22 B R BE RS0 H R AR B P L
BEZ A p LB RN o X o G SR SE A A FIA, H
T 3 MR IE AR, AT w( - O H TR MR R A
JR R AT AR LR, a0 (AT P

w(d, )= | H(g, s ¢) OK || an
H,g, flg, 530l RRBER M p Al g 1Y )R FBFFAE, bR
H(p, s ) HITTF A SE R IE— A 0 X o K/ B SR BE 58 B b 19 &
ATCHRIE ¢, @, XTI A7 1Y o0 R Z 8] B BRCIG BE 2 09 7
T K —A v X v RN & W% £ 5 © s W A5 M 3% 7T
R AFBIRANH v X v MR, &5 R I X FERF M L1 G
K EATFBME R 5L p Bl g FEXRRAE 2 (8] B AR DLEE

W S R B AR AL T R T P JE T AR )
PR B8 3R A 28 A (1 PR B AR , FL 7 R AE 25 1] v 20 1 43 A1
ABL 5 N X 33 ol A 0L 2R A7 A B, ) ] BB S 0K A AR Tl & B
o B DX ) 43 B TR E bR A 1 L B BT TR B R R X
TG &0 A SCTERFIE =S RS R 5R R sl p B AR £ MEER
JE L BTELL p Rl KRN m X om B 5 T IX I8 N AT 1
F L XRE ] DLk b AR AR W) A R AR T S

&3 45 th T AR A ] i SR SR K L p MR R
MY FE,

() p 15 B R X I

(b) 48 & X 38 il K
B 3 7B RRAE 43 (B 1T 55 R B A LR (R P R R )
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