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Multiple Fault Localization Method Based on Deep Convolutional Network

ZHANG Hui

School of Computer Science, Jiangsu University of Science and Technology,Zhenjiang,Jiangsu 212003, China
Abstract Most of the current fault localization methods solve single fault localization, but the faults are related to each other.
How to find the relationship between these faults and the test results and the relationship between the faults,and reduce the im-
pact of coincidental correct test cases and similar test cases on the suspiciousness of sentences is very important to improve the ef-
ficiency of multiple fault localization. In order to solve the above problems, this paper proposes a multiple fault localization method
based on deep convolutional network. A set of suspiciousness with high accuracy is obtained through a deep convolutional net-
work with a special structure,and then applied to forward slicing and backward slicing, the correlation between faults and faults is

found to locate multiple faults. Experiments show that the multiple fault localization efficiency of the method in this paper is

stronger than that of the existing classic fault localization methods.
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Fig. 1 Multiple fault localization method based on deep convolution
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Table 1 Description of experimental subjects
Program No. Line Num Description
print_tokens 7 472 4130 Lexical analyzer
print_tokens2 10 399 4115 Lexical analyzer
replace 32 512 5542 Pattern replacement
schedule 9 292 2650 Priority scheduler
Schedule2 10 301 2710 Priorityscheduler
teas 411 141 1608 Altitude separation
tot_info 23 440 1052 Information measure
space 38 6218 13585 Array definition interpreter
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faults between this method and several classicfault localization
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