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Scar Area Calculation Based on 3D Image

YAO Nan and ZHANG Zheng

School of Artificial Intelligence and Automation, Huazhong University of Science and Technology, Wuhan 430074 ,China
Abstract At present,forensic medicine mainly uses artificial methods to identify the area of injured scars,which has some insta-
bility and time-consuming problems. Therefore,a forensic identification method based on the 3D image to calculate the scar area is
proposed. Firstly,a 3D laser scanner is used to obtain 3D image data of the unidentified scar. Secondly, the data is preprocessed to
remove the background and noise,and the point cloud resolution is adjusted by down-sampling. Then the color area growth meth-
od is used to perform automatic region segmentation,also manual interaction is supplemented to adjust the target scar area. Final-
ly.after surface reconstruction, the target scar is used to calculate its area. The results show that,compared with the current dig-

ital processing method of forensic medicine, the error is kept within 5% and the time consumption is reduced by more than 20%.
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Table 2 Comparison of reconstruction methods Table 3 Comparison of results of edge detection operators
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