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Classification Research of Remote Sensing Image Based on Super Resolution Reconstruction
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Abstract Usually,super-resolution technology makes the image get better visual quality, which is conducive to the visual inter-
pretation of the image. However,will super-resolution technology improve the effect of image in the application of classification,
recognition and other more advanced computer vision tasks? Combined with the development of computer vision technology,a
new image classification model is trained to classify the images processed by different super-resolution methods. By measuring the
classification accuracy of different types of images,the promotion effect of different super-resolution methods on image classifica-
tion task is measured. Experimental results on remote sensing classification data set show that the well-designed super-resolution
model has obvious effect on enhancing low-quality images. Compared with the interpolation method.the image processed by su-
per-resolution achieves higher classification accuracy in the classification model, which proves that the well-designed super-resolu-
tion model can promote the image classification task. It is confirmed that super-resolution can effectively improve the perception
effect of image in computer vision.

Keywords Super resolution reconstruction,Image classification.Deep learning,Image processing.Computer vision
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Fig.1 Image degradation and super resolution reconstruction
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Fig.4  Image super resolution result(4x)
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Table 1 Comparison of objective evaluation indexes of super resolution reconstructed images
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P PSNR SSIM PSNR SSIM PSNR SSIM PSNR SSIM
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Table 3 Image classification accuracy (4x)
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