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Survey of Multilingual Question Answering
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Abstract Multilingual question answering is one of the research hotspots in the field of natural language processing, which aims
to enable the model to return a correct answer based on understanding of the given questions and texts in different languages.
With the rapid development of machine translation technology and the wide application of multilingual pre-training technology in
the field of natural language processing,multilingual question answering has also achieved a relatively rapid development. This pa-
per first systematically reviews the current work of multilingual question answering methods,and divides them into feature-based
methods, translation-based methods, pre-training-based methods and dual encoding-based methods, and introduces the use and
characteristics of each method respectively. Meanwhile, it also discusses the current work related to multilingual question answe-
ring tasks,and divides them into text-based and multi-modal-based tasks and gives the basic definition of each one. Moreover, this
paper summarizes the dataset statistics,evaluation metrics and multilingual question answering methods involved in these tasks.
Finally.it proposes the future research prospect of multilingual question answering.

Keywords Multilingual question answering, Machine translation, Multilingual pre-training techniques, Text-based multilingual
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Tablel = Methods of multilingual question answering classification
and analysis of advantages and disadvantages
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Table 2 Tasks of multilingual question answering classification and

features
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¥ X XA&: Madame ...This is the Leader’s Five

Dragon Disc, White Dragon Marshal," she said.

...You are to return it when you have completed

your mission.”‘Yes," replied Trinket, ... | want you

to stay here for a while, Madame Hong ordered.

The rest of you may leave.’Rootless, Black
Dragon, and Yellow Dragon saluted and left.

PXXA: BERAL CEAE, XEHAEGH
HA AW, WAME. " FNER
“E. 7 LEAEHE, RARE. T BREA
Ao B Al FAM = ATALERE.

Multi-lingual

3£ 3 ] B /4 % : Who did Madame Hong allow to
leave first? / Rootless, Black Dragon, and

Yellow Dragon

o R /AR N E A A AT 4 R
1?2 / @kt

Cross-lingual

3 X F] A : Who did Madame Hong allow to leave

first?

AR BARMA B W
B 1T SORMZIEF A2 R )

Fig. 1 Example of text-based multilingual question answeringt?8!
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Table 3 Subtasks for multilingual question answering datasets

Dataset Monolingual Multilingual Cross-Lingual
XQuADP No No Yes
XQA! No No Yes
BiPaR[?%] Yes Yes Yes
XCMRCH No No Yes
MLQABZ: No Yes Yes
EXAMS! No Yes Yes
LAReQA No No Yes
TyDi QAN No Yes No
XOR QALY No No Yes
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What is the color of the bus?

AR NEARFRIEH,

The bus is red.

B2 TR N &R e
Fig.2 Example of multi-modal-based multilingual question
answering 7]
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Table 4  Statistical comparison of multilingual question answering datasets
P Questions I Multi
assages .anguage ti-
Dataset ssage and guage Task Domain b Metric Translate Pre-train
or Images Number model
Answers
FM—IQA’”“ 150000 310000 2 Generation Flickr Yes Human No Yes
XQuADHH 240 1190 11 Extractive Wikipedia No EM and F1 No Yes
XQA[”] 906100 90610 9 Open-domain Wikipedia No EM and F1 Yes Yes
BiPaR!?%) 3667 14668 2 Extractive Novels No EM and F1 Yes Yes
XCMRCY 113589 113589 2 Cloze-style News No Accuracy Yes Yes
MLQA?] - 46000 7 Extractive Wikipedia No EM and F1 No Yes
Multiple- High School
EXAMS 33] — 24000 16 v l,p ¢ e . ¢ .OO No Accuracy No Yes
choice Examinations
LAReQA[‘“] - 17289 11 Retrieval Wikipedia No precision No Yes
TyDi QAP — 204 000 11 Extractive Wikipedia No F1 No Yes
Wow!38! 2190 5826 3 Retrieval Synthetic Yes Accuracy No Yes
XOR QABG] — 40000 7 Retrieval Wikipedia No EM and F1 Yes Yes
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