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Improved Collaborative Filtering Algorithm Combining Similarity and Trust
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Abstract The rapid development of e-commerce not only gives consumers more choice but has also causes information overload.
As an indispensable method in information filtering technology,recommendation system has been widely concerned by the socie-
ty. Collaborative filtering algorithm is the most widely used technology in recommendation systems,but it faces problems such as
data sparsity,cold start and data scalability. This paper proposes an improved collaborative filtering algorithm model based on the
fusion of trusted values and user similarity. This algorithm comprises three steps: first, we calculate the trust values between
users; then we calculate the similarity between users;at last, we integrate the trust and the similarity to re-calculate the trust
value between users and get the final rating prediction equation. Experimental results show that for different neighborhood sets,

the performance of the proposed algorithm is better than that of traditional collaborative filtering algorithms.

Keywords E-commerce, Recommendation system,Collaborative filtering, Similarity, Trust
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