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Incentive Mechanism Based on Multi-constrained Worker Selection in Mobile Crowdsourcing

FU Yan-ming',ZHU Jie-fu' ,JJANG Kan® , HUANG Bao-hua' , MENG Qing-wen' and ZHOU Xing'
1 School of Computer,Electronics and Information, Guangxi University, Nanning 530004 , China

2 School of Business Administration, Guangxi University, Nanning 530004 , China

Abstract With the rapid development of mobile crowdsourcing, crowdsourcing programs in the market have sprung up. They dis-
tribute tasks and use the power of the crowd to perform the tasks for collecting data and an effective incentive mechanism in mo-
bile crowdsourcing becomes very important. However, the existing incentive mechanisms nowadays partially consider the reputa-
tion value, location and execution time of workers, which makes it difficult for crowdsourcing platform to select high-quality
workers and assign multiple tasks on limited budgets or other constraints. To solve the above problems, this paper proposes an in-
centive mechanism on the basis of the multi-constrained worker selection (MSIM) , which relies on two related algorithms. One is
the algorithm of worker selection based on improved reverse auction model, which comprehensively considers many important
limitations to select great workers to perform the tasks,such as worker reputation, geographical location,task completion degree
and result quality. The other is the algorithm of reward and punishment by evaluation,which contains the evaluation of task-per-
ceiving results and workers’ reputation. The experimental results showed that not only can MSIM select excellent workers, but
also it improved the credibility of the task results and the reputation of workers. It is proved within this paper that the MSIM is
an effective incentive mechanism.

Keywords Mobile crowdsourcing, Worker selection, Multiple constraints, Result evaluation,Incentive mechanism
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Table 2 Parameter settings
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