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Face Recognition Using Simplified Pulse Coupled Neural Network
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Abstract A novel face recognition method using Simplified Pulse Coupled Neural Network was proposed. First by the

analysis of the oscillation characteristics for neurons, the neuronal Oscillation Time sequences (OTS) were decomposed
to captured-OTS(C-OTS) and self-OTS(S-OTS). Then the identification characteristics for X-OTS(OTS, C-OTS and

S-OTS) were analyzed by image geometric transformation and oscillation frequency map. Finally,a face recognition sys-

tem structure was given with C-OTS+S-OTS and cosine distance. Experimental results on face database verify the ef-

fectiveness of the proposed method,and it shows better recognition performance than other traditional methods.
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