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Research on Information Extration Model for Microblog Content

ZHENG Ying LI Da-hui
(Institute of Computer and Control Engineering, Qigihar University, Qigihar 161006, China)

Abstract Social media is the platform or tool that people use to share opinions, insights, ideas and experience. It has be-
come the new media having great influence. Microblogging is an important part of social media,so it will play an impor-
tant role in the information transfer. Microblogged content-oriented information extraction is to extract the valuable
structred information from free text of full of noise, loose, unstructured microblogging content to facilitate effective ac-
cess to information from Twitter content. This paper proposed a microblogging event extraction based on factor graph
approach to accurately extract the events reflected in microblogging. At last we used some experiments to verify the ef-

fectiveness of the methods,and the results show that the performance and accuracy of this method is higher than other
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methods.
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