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Abstract Pharmaceutical distribution planning has become an important research question needed to resolve. Firstly,
the characteristics of the pharmaceutical distribution problems were analyzed in this paper. The mathematical model
with constraints was put forward and the fitness function to achieve the best solution of the pharmaceutical distribution
routing was determined. And then a hybrid algorithm based on artificial glowworm swarm optimization algorithm was
proposed to the model optimization. Simulation results show that the proposed algorithm achieves the best solution to
pharmaceutical distribution problems effectively. It not only can save costs, but also improve the operational efficiency
and provide a valuable reference to solve this kind of problem,
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