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Abstract Dominance-based rough set approach is an important method to study incomplete interval-valued information
systems. To solve outstanding problems in incomplete interval-valued information systems, we proposed two new domi-
nant relations— the upper-limit dominance relation and the similarity dominance relation. Based on these two relations,
we studied object ranking and uncertainty measurement, and showed the difference and relationship between the two
proposed dominance relations. Examples were provided to substantiate the proposed concept.
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