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Tags Know You Better: A New Approach to Enhancing MIR System
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Abstract Mousic sharing systems with collaboratively tagging function have been important parts on the Internet. They
make the system users to annotate and categorize their own interests and thoughts about the resources possible. In the
paper,a novel and straightforward way was proposed to search music collections using metadata and descriptions (tags)
of tracks, by jointly considering lyrics, tags and popularity of songs to enhance Music Information Retrieval (MIR) sys-
tem. Furthermore, Tag Latent Dirichlet Allocation (TLDA) model was proposed in the paper to facilitate adjusted VSM
by obtaining more semantically related tags. TLDA can better analyze collaboratively generated tags and understand the
intent of user queries in a semantic way, acquiring more information than just keyword-matched tracks return list. By
comparing the performance of the proposed approach with general tag clustering approach, a result was found that mu-
sic information retrieval model proposed in the article performs better than conventional metadata-based music retrieval
techniques and tags clustering, especially when tags for tracks are extremely sparse and informal.
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it AR AL P P HKE
Here Comes the Sun 10309 11526 0.118
Can’t Buy Me Love 8420 15642 0. 857
J’ Ai Dormi Sous L’Eau 142 150 0. 056
1t’s a Long Way to the Top 22 195 7.863

Heatseaker 18 533 28.611
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classics party
classic rock favorite
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favorite songs electronic

3.3 ETHREEMINE R TLDA

TLDA L D AR E T B R R3 B 6
BE—E i A AR EEYER, AL BRI EOE
FEZID PR RE, BARPIBEEEE LA —MER
B i) b A B (BR A, i B R B SRR R 40D I BT B 20 A
BB AE AT I LA R AR T L B R R A ) 41 B3R e — 1B
HLIE B 36 R A BRI B T B A R R S
B RE . B SCRERIED BX SR EERER—F
BB —K,

OrOT-0O—®

a S C w

M

Bl ETERE=EE TLDA Tk

HebRaHL R

word AZ AL ER w FIR;

topic AR BREED I Z RN R ¢ /R

track context FIIKE L EHEVTE s B, 2K LT
"B

He M EEAN T RS, o £ Dirichlet ERSH E
ER THT LDA MAREH#EZE 77 1k R 68 £ F P PEdR I
HR i — AL E TR, RTTARX N EER L AREY R,
763X B Rt B R 0 R BB A RS . il SR A
COED RN BTG L RS, B — SIS B
PR R b O RE AR S A0, [R] A 50 S 3 R 3 1 SR P9 R
A TR, LT RUS IR SE AR EE AR B T 2 A A TLDA 3k
ERMEERFRR, XHETDELSEMEESETHREN
WERRY R A S B E R E o R iR
W BIEIRE . TLDA Jrk—RE P AR E MRS GEED
RBESHXMIRBEESN . TR THARMTR
}j‘:{:

P(w: |s) :JSIP(w,- le;=7)Pc;i=jls) ()]
ey, P | ) 5 —A 45 58 B9 8l 9 BRI 56 4 T 8) T A9 48K
B, o HBERBMEESED, P(w la =)k ¢ A& ;&
B BEREEER; P(a=/ |9 RFEREH LT XN IS j

- 176 -

PEFE— PRI EREE., BEMSEE TR
Ara s, At R R BB TERE  KeBk . TLDA BEAIfE A
Ak TR LI 4 A R DA B B S R R, A SRAR T B SORS
iR A P(w o) LA K ST GRED -#E& 75 8
A5 Plcls),

T BB PR AR, B Gibbs A 4k 7 Bk fh
THEE-AT A5 . BEA AL R 28 YO i 15 8 Al B 4R
PSR T RS, ETHRME Ple=j|w,s,c— )R
WAL — MG RE j, H2) LDA SR S HURSTHE A
T RLEH,

N, ;+a N, .;+8

Ple;=jlwy; 8 ,6)0C Echsi,j-l-aC* EwN;i,j e
Horft, Nu, | F7R B TR R A5 2R 8, N, 32 7R k-1 4%
B FRLRIBR T wi SMNITA ERE-H FI - F R 270, B
AT 43 H0 %R (O PR R AR

ERERERGH U EL RS BB B AEFREK
SR M ETERA Y RARAS , RSB FRI—MEEGRE
A D SR8 B RS T B E . & 3 Fi5]“groovy”
FERREERSE NS BRRSIE X EHANRE . XERE
B— A HERER T HBRENES . BE P B S K
A RRIIE T B AR MR

R 3 BRSNS E RS “groovy MBI ET 9 S PLACAYSER
BEREWEE KRG BE

(5

groovy 3232 0. 464634
happy 2231 0.320132

love 545 0. 078203
fun 245 0. 035155

harmonies 212 0, 03042
dance 34 0. 004878
dedicable 21 0. 003013

help 18 0. 0025

haze 12 0.001721

4 XBRERSHM

4.1 BERIE

HEMREAAREMM LB AARAERBT A
I FFOBRZ, YRALEFERG B SNERBHES. A3
Lo TREER R ER. R T L E SR last.
fm DA RS0 R 3 MusicByDay f988EE . B %, WE D —
ERMEEMKEGER, TERECAE T HREBEREHEX
EBERRERER.

AP R BRI LS 306630 HEKHR . 24844 R
1 535784 MR, Hp DI AR S R & H — > 8], ot )
KAIFEREE, ST~ TS A BIRARE, I “hskf-
ov” W MIER R R BB H] 10302 B HKiE 1 203310 4~
.

RIBIRE AR, RAVY T 5 — 2B A B0F , N4 7
ME 4 FHNREREREER. AR 4PTUBH, g
EBHAR SRS ENREE R E B EZH, UF —/ME
e AR (RFHOMX, XUBA T, BAFTERS
KA, BREEE B OB S RESE, TR BT
BIAIR. AERRAR, AP KR R FIE R, X — B
HARMEHAEREY BT 3BT B RERAERES
T THEBER.



#4 WERMES%

REXA FAR ER &S A

emotion 177977 0. 3344 “melancholic” , “makes me smile”

time 16845 0. 0316 60s,2007

artist 9486 0.0178 “Lady Gaga,Beatles”
album 1564 0. 0029 “Revolver”

genre 163124 0. 3065 “acid jazz”,” chillout”
theme 7895 0.0148 “summer”

region 4856 0. 0091 “australian”

equip, 4568 0. 0085 “acoustic rhythm guitars”
others 145841 0. 2740

total 532165
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LRAHE  Kmeans RE  EXEE TLDAZR TLDAHEH
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