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SMwKnn : Mutual k Nearest Neighbours Algorithm Based on Class Subspace and Distance-weighted

LU Weisheng GUO Gong-de YAN Xuan-hui CHEN Li-fei
(School of Mathematics and Computer Science, Fujian Normal University, Fuzhou 350007, China)

Abstract Mknnc is an improved algorithm of the £ nearest neighbours (KNN) , which uses the mutual £ nearest neigh-
bours to eliminate anomalies in the training set and the & nearest neighbours. It has the better performance than KNN.,
However, the real and effective data may be eliminated as the noises so that influencing the efficiency of classification in
the noise elimination stage without taking the class label into consideration. The mutual £ nearest neighbours algorithm
based on class subspace and distance-weighted (SMwKnn) taking distance-weighted into account can eliminate the in-
fluence of the redundant or useless attributes on the similarity measurement of the £ nearest neighbours classification al-

gorithm and eliminate the anomalies in the neighbours. The experimental results on the UCI public datasets verify the

Vol. 41 No. 2

effectiveness of the proposed algorithm.

Keywords Class subspace, Mutual £ nearest neighbour, Distance weighted, Subspace
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Ecoli 336 7 8 5.2
Glass 214 9 7 70:76:17:0:13:9:29
Heart- 270 13 2 150,120
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Balance
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BEHNBBIETE 15 AR kEDRA R RMER R, 5
B BYBECRR XL & fH.

2 LBPHEENRMS LR

¥ wKnn MwKnn SwKnn SMwKnn

Iris 96.47(07)  95.87(07)  96.00(05)  96,13(23)

Wine 97.70(23)  96.46(13)  98.26(01)  98.76(03)
Monks 78.63(09)  78.63(09) 78.71(09)  78.79(09)
Ecoli 87.08(09)  87.47(29)  86.82(07)  86.96(29)
Glass 70.33(03)  71.96(03)  68.32(07) 69, 21(21)
Heart-statlog 82.93(29) 80.81(29)  82.74(27)  82.41(29)
Diabetes 75.04(29)  74.49(29)  76.91(29)  75.95(29)
Vehicle 71.29(07)  72.48(05)  72.16(07)  72.55(07)
Tonosphere 86.89(01)  89.09(27)  88.60(03)  91.85(29)
Liver-disorders 65.28(15)  62,70(25)  68.14(19)  65.86(23)
balance-scale 90.10(21)  90.18(17)  90.10(21)  90.26(17)
mfeat-morphological 73, 00(09)  73.08(27)  74.58(11)  74,40(19)
Cleanl 85.88(01)  88.82(05) 89.96(01)  91.32(03)
Segment 97.14(01)  97.14(01)  97.17(03)  97.48(03)
waveform-5000 83.98(29)  79.71(29) 85.24(29)  82.26(29)
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