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Review on Similarity of Business Process Models
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Abstract

are unable to meet the expectations in terms of efficiency and accuracy,and the technology that can improve the efficiency of busi-

With the increase of the scale of business process model management database, traditional model management methods

ness process model management has become an urgent demand. Technology of business process similarity can effectively improve
efficiency and accuracy of model analysis in scenarios like model search and consistency judge. Therefore, the research on techno-
logy of business process similarity has become a research hotspot in the model analysis field. In recent years,researchers have got
many valuable achievements,the technologies of business process similarity have developments in many branches involved in dif-
ferent areas. Although there are comparison of technologies in specific branch.,there is a lack of systematic research on technolo-
gies of business process model similarity. We analyze the calculations of business process model similarity from these dimensions
include text similarity, semantic similarity, structure similarity, behavior similarity and human estimation-based similarity, and
summarizes the features of these measurements. We find that the technology of business process model similarity is commonly put
into these applications include conformance, standardization, search and reuse, then we analyze the research on these scenarios. At
last. the challenges of business process model similarity research are analyzed.

Keywords Similarity calculation method, Application of business process model similarity, Structure similarity, Process model

search, Model library management
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Fig. 2 Application scenario analysis of similarity technology
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