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2 Air Defense and Anti-Missile College, Air Force Engineering University, Xi’an 710051, China

Abstract Based on the requirements of future modern operations,a combat scenario is built. Under this scenario, reinforcement
learning is used to solve the multi-target intelligent decision-making problem about aerial interception mission of UAVs. The
multi-agent reinforcement learning algorithm is selected according to the operational mode and application requirements,and the
algorithm principle and process are briefly introduced. The simulated combat system is developed. Design network model, network
parameters and training methods. After training,the expected results have been achieved. The effectiveness of the experiment is
proved, which not only provides technical support for practical application of this kind of problem, but also provides theoretical
basis and experimental reference for the study of intelligent decision making in more complex combat scenarios and combat mis-
sion conditions.
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