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Maximum Overlap Single Target Tracking Algorithm Based on Attention Mechanism

SUN Kaiwei, WANG Zhihao, LIU Hu and RAN Xue

Key Laboratory of Data Engineering and Visual Computing,Chongqing University of Posts and Telecommunications,Chongqging 400065 ,China
Abstract With the development of artificial intelligence,deep learning has attracted extensive attention in the research of com-
puter vision. In the field of single target tracking,the single target tracking algorithm based on deep learning has been studied.
The algorithm complexity of deep learning algorithm is relatively high. The complete segmentation of target classification and tar-
get state estimation is conducive to the in-depth discussion of each task. However, the current single target tracking algorithm can
not deal with the complex tracking environment well. When the model encounters the complex tracking environment. it often
tracks a certain area of the background or tracks the surrounding similar targets. In order to solve the above problems. In this pa-
per,a method is proposed:different attention mechanisms are added to the task of target classification and target state estimation
respectively,so that the model can better deal with background confusion and occlusion of similar targets. In order to verify the
effectiveness of the above methods, this paper has done a lot of comparative experiments on multiple datasets.and compared with
the previous single target tracking algorithm based on deep learning. The proposed algorithm improves 3. 1% in the EAO index
and 2. 3% in the Robustness index. It shows the effectiveness and progressiveness of this method.

Keywords Computer vision,Single target tracking, Attention mechanism, Weight distribution,anomaly detection
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Table 1 Tracking results under anomaly detection mechanism
DRT RCO ATOM Ours
EAO 0. 356 0.376 0. 401 0.432
Robustness 0.201 0. 155 0.204 0.132
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Fig. 7 Comprehensive evaluation of tracking accuracy and

robustness(A-R diagram)
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