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Low-resource Thai Speech Synthesis Based on Alternate Training and Pre-training

CAI Haoran' , YANG Jian', YANG Lin' and LIU Cong®

1 School of Information Science & Engineering, Yunnan University, Kunming 650504 , China
2 Al Research Institute,iFLYTEK Co. ,Ltd. , Hefei 230088, China

Abstract As a language spoken by tens of millions of people,Thai is widely used. In the late 1990s,some scholars carried out re-
search on Thai speech synthesis. In recent years, end-to-end speech synthesis systems based on deep neural networks and trained
with large-scale high-quality “text-audio” data have been able to synthesize high-quality speech. At present,Chinese, English and
other common languages have massive speech synthesis databases. However, the “text-audio” database available for Thai as a
non-common language is often small in scale. Under the condition of low resources,this paper aims to improve the quality of Thai
speech synthesis, selects the end-to-end speech synthesis model Tacotorn2 as the baseline model, studies the alternate training
method and pre-training method,and studies the effect of different text embedding methods on the effect of Thai speech synthe-
sis. Then.the speech synthesized by the six models designed in this paper is evaluated from the attention alignment map and the
MOS score. Experimental results show that the system using the method of “vowel consonant embedding + pre-training + alter-
nate training” has the best speech synthesis quality,and the MOS score of the synthesized speech can reach 3. 95, which is signifi-
cantly better than the baseline system’s 1. 71.

Keywords Speech synthesis, Thai, Low resource, Alternate training, Pre-training
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Fig.1 Diagram of Tacotron2 model
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Fig. 2 Example of character embedding

AT AT LUK B8 15 T AP 4G 0 & VA 75 R R — 8
FRERTT SR RGT. 5DGH P AR EHRA SR, B, 754
1 HR i A T BT LU DUTE HP B DR R BT T A IR P
Sh T TR Y DT B0 S S 4 R A AE SCAS TP Y HE
PR B . S — i A 7 SRy AR R 0 an B 3 R

X FRIE AT A0 27 SR 16 ] P X 2 IR B 5 1k G A5
FHRIEY SALIE 0 E T 60 DR IF Bk A BT, 7E Taco-
tron2 (1) 3CAS 4k BRER AT P A f R IE D BE 5 0k 2% DO IE 2 i
TRYITE R AR AT S . R A A R R
PR N TUH F ARG .

| SR | lowinanmdansansly |
IR 1y TR J— | aslsanys [[ w ]
e | 0\0 (£ 0/ DENnBeloonasnnoln

K3 JUhliE AR A

Fig. 3 Example of vowel consonant embedding
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Table 1 Experiment names and methods
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