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KONG Jiabin,LYU Jianwen, LIU Jiangnan and DU Wenxuan

State Key Laboratory of Advanced Design and Manufacturing for Vehicle Body,Changsha 410082, China

Abstract Mechanical patent literature contains a large amount of domain knowledge where component names exist as information
units. Being flexible and changeable, the word formatting of component name represents the characteristics of uniqueness, com-
plexity and lesser-known expressions. The challenge of accurate recognition of component names by computers becomes an obsta-
cle to patent knowledge mining. In order to propose an efficient method to recognize component names, the features of word for-
mation in patent text statements are analyzed and extracted. Starting with external words related to component names.characters
on the left side of the appended drawing reference signs(ADRS) are identified. Accordingly.candidate names are automatically re-
trieved from texts,and the set of candidate names are constructed. An algorithm of word frequency difference is proposed to filter
redundant characters in the set of candidate names. By building left-segmentation library(L.SL.) dynamically,redundant characters
which are not filtered are further eliminated. Based on cross-over experiment, the influence of character frequency difference prior
threshold(CFDV- [ ) ,word frequency threshold(LSWF) and character frequency difference threshold(CFDV-I[ ) on recognition
result is tested and analyzed. Furthermore, a three-stage comprehensive method for recognizing component names from patent
documents in mechanical field is proposed. Finally,the method has been proved to be effective and efficient by comparing the re-
sults of experiments.
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