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Construction and Research of Chinese Word Segmentation Corpus of Process Specification Text

WANG Peiyan' ,ZHANG Yingxin' ,FU Xiaogiang” , CHEN Jiaxin' , XU Nan' and CAI Dongfeng'

1 Human-Computer Intelligence Research Center,Shenyang Aerospace University,Shenyang 110136 ,China

2 Aviation Manufacturing Technology Research Institute, COMAC Shanghai Aircraft Manufacturing,Shanghai 201324, China
Abstract Chinese word segmentation is a basic task for process specification text processing, which has a critical impact on
downstream tasks such as process knowledge graphs and intelligent Q&-A systems. One of the challenges faced by word segmen-
tation of process specification texts is the lack of high-quality annotated corpus, especially word segmentation specifications for
special language phenomena such as terms, noun phrases, process parameters, and quantifiers. This paper formulates a special
word segmentation specification for the process specification text,collects and annotates a word segmentation corpus for Chinese
process specification text(WS-MPST) ,including 11900 sentences and 255160 words,and the consistency of word segmentation by
4 annotators achieves 95. 25%. On the WS-MPST corpus, the famous BiLSTM-CRF and BERT-CRF models are tested,and the
F1 values achieves 92.61% and 93. 69% respectively. Experimental results show that it is necessary to construct a special word
segmentation corpus for process specification test. The in-depth analysis of experimental results reveals that the out-of-vocabu-
larywords and the words which contain Chinese and non-Chinese characters are difficultto segment in process specification texts,
which provides some guidance for future word segmentation research in process specification texts and related fields.

Keywords Chinese word segmentation. Process specification text, Word segmentation specification, Word segmentation corpus,

Word segmentation model
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Table 2 Word segmentation examples from WS-MPST
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Diagram of word length distributions of WS-MPST,

MSR and PKU
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Table 3 Dataset statistics
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Table 4 Model hyper-parameters settings
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Embedding Size 300 768
Batch Size 32 4
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Table 5 Word segmentation experiment results on WS-MPST
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Table 6 Word segmentation error rates and wrong word ratios of

BiLSTM-CRF and BERT-CRF on different word formations
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Table 7 In-vocabulary and out-of-vocabulary word error rates of

BiLSTM-CRF and BERT-CRF on different word formation word
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Fig. 2 Diagram of error rate distribution on word length
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