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Semantic Matching Method Integrating Multi-head Attention Mechanism and Siamese Network

ZANG Jie,ZHOU Wanlin and WANG Yan

College of Information, Liaoning University, Shenyang 110036, China
Abstract Considering the matching problem of enterprise resources and customer requirements, the existing methods have the
problems that the resource and requirement encapsulation is not accurate enough and the matching effect can’t satisfy uses’ re-
quirement. In order to solve the problem of diversity and ambiguity of enterprise resource and requirement description.this paper
proposes the dynamic user-defined template encapsulation. According to the feature that most of the encapsulated requirements
and resources are Chinese short texts,an interactive text matching model which integrates multi-head attention mechanism and sia-
mese network is proposed. The semantic differences and similarities between sentences are considered in this model. It uses word
mixing vectors as input to enhance the semantic information of the text,combines the Siamese network with the multi-head atten-
tion mechanism,and extractes the semantic features of the context as an independent unit to fully interact with the semantic fea-
tures. In order to verify the effectiveness of the model,the classical data set LCQMC and the self-constructed CSMD data set are
used to conduct experiments on the model. The results show that the accuracy and performance of the model are improved in dif-
ferent degrees,which provides a more accurate matching method for enterprise resources and requirements.

Keywords Custom template,Semantic matching, Siamese network, Multi-head attention mechanism, Bidirectional GRU
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Fig. 4 Schematic diagram of interaction unit
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Fig.5 Comparison experiment of different Dropout values
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Table 2 Comparison of LCQMC experimental results
Name Accuracy Precision Recall Fl1
CNN 0.720 0.673 0. 802 0.732

Siamese LSTM 0.774 0.742 0. 886 0. 808

BiMPM 0. 830 0.769 0.928 0. 841
SNAS 0. 859 0.798 0.937 0.862
IMAMSN 0. 883 0.825 0.922 0. 870
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