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Abstract The proportion of streaming databases is gradually increasing, and extracting the required information in the data
streams of streaming databases is an important task. In this paper,we study interval items which refer to pairs of elements arri-
ving with a fixed interval, and apply them to network scenarios. It is the first work to define and count interval items in data
streams. To efficiently count the top-K interval items. IntervalSketch is proposed. IntervalSketch firstly chunks the data stream
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racy of counting the interval items. Extensive comparative experiments are carried out on two real datasets. Experimental results
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1/2 of the baseline solution,the average absolute error and the average relative error are 1/3 of the baseline solution.
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Lo 30 40 50 60 70 80
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T 5 10 15 20
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Table 4 Effect of T on PR/RR

T 5 10 15 20
PR/RR 0.731 0.767 0.831 0.832

PR/RR Kl Num_Interval (970 WE 3 BFR , A SE 85 %
B9 . Num_Interval Ay S fEH I ETE 10~13 Z [0, P& Num_
Interval Y34 K, PR/RR SE34 A Wb, 3 S PR o i 2kl 4 oK
ARk, 13 & 19 Num_Interval 255304828 J5 19 Sketch X L&k
B A Mv-Sketch B 7 if1 28, 133 K A9 Num_Interval TGk A
RG] B 30, 06 A i S BT A

08

07

06

PR/RR

05

04

03

25 50 75 100 125 150 175 200

K3 WNAE—EW Num_Interval %} PR/RR HJ 50
Fig. 3 Effect of Num_Interval on PR/RR with given momery



WRIT 4% » %5 : IntervalSketch . T & %408 Uit B4 17 B S50 AL 492 31 07 v

6.3 XfLEEL
6.3.1 51

A5 IntervalSketch MM RE 5 L4 MR o 7 R HEAT LA,
Hrb IntervalSketch 5 B4R P 7 2 1E N A7 A7 48 1Y | 42 T BE
T, B U S IS AE AT 30 B4 1] bR T02E A7 IE B 4 53 17

Accuracy W13 5 it 3, 25050 KB, 76 N AF A SF 0, In-
tervalSketch i) Accuracy S5RL T EMHEARE 0.5%,

PT W3 5 frsl, ASLE RV, IntervalSketch -2 2 Jt
LHIEM 2/5,

AAE/ARE W 5 o, A S8 K W, IntervalSketch
BB IR 1/3,

#5 Accuracy,PT.AAE.ARE
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Algorithm Accuracy PT AAE ARE
Baseline 0.9953 0.4957 11.2667 0.0968
IntervalSketch 0.9910 0.1967 3.3667 0.0342
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Table 6 Accuracy

Algorithm Accuracy
Baseline 0.9982
IntervalSketch 0.9923
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